
1. Background
Prior work has shown that LLMs can generate 
accurate diagnoses based on clinical vignettes [1, 2].
Unknown if LLMs can:

1. Generate complete clinical reasoning with 
supporting literature citations, in both written 
and live-presentation form.

2. Generate accurate diagnoses for patients 
referred to a rare disease center, such as the 
Undiagnosed Diseases Network (UDN)
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Figure 3: A. Schematic of experiment. B. Mean accuracy of 5 internal medicine physicians in identifying the source of a differential 
diagnosis as either AI or physician generated for 62 trials. C. Scores were provided for 44 total differential diagnoses by five internal 
medicine physicians who were blinded to the source of the differential.

5. Physician Evaluation

62 Trials

B. Physician accuracy in 
classifying AI-generated vs 
physician-generated discussion

C. Physician quality ratingsA. 5 physicians were assigned 
sets of (1) CaBot discussion 
and (2) the original discussion 
published in NEJM

6. Rare Disease

Figure 4: Summary of reviewer assessments for the 72 Undiagnosed Diseases Network (UDN) cases retained for analysis. Each CaBot 
response was reviewed by certified genetic counselors (K.L., E.G.).

Try CaBot at 
cpcbench.com

Key Findings
1) CaBot generated the first AI diagnosis published in the 100+ year history of 
the NEJM Clinicopathologic Conferences 
2) Physicians can't distinguish CaBot from NEJM experts (26% accuracy)
3) 69% accurate on real UDN rare disease referrals

Figure 1: Example Clinicopathologic 
Conference

4. CaBot Diagnosis 
Published in NEJM
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3. CaBot Example
A. Prior AI: ranked list 

of diseases
B. CaBot: complete 

reasoning with citations 
1. Community-acquired pneumonia 
2. Acute bronchitis 
3. Pulmonary embolism 
4. Congestive heart failure 

exacerbation 
5. COVID-19 pneumonitis

Figure 2: CaBot architecture figure.
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