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pretrained model is then applied to the task of rare disease diagnosis. Patient information is overlaid on the @ LAY connecting patient clinico-genomic data to disease relevant data.

knowledge graph, and SHEPHERD generates an embedding for the patient phenotypes and each candidate
gene, disease, or patient. The model is trained via a loss function that encourages patient embeddings to be
close to the embeddings of their causal gene or disease or other patients with the same gene or disease.
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representations.
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